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Research on Parallel Identification Algorithm of Neural Networks

LU Jin, XU Wenli and HAN Zengjin

(Department of Automation, Tsinghua University + Beijing,100084 ,PRC)

Abstract: Neural networks can be used to set up models of nonlinear dynamic systems. Their identifica-
tion models are classified as series-parallel model and parallel model. The latter one is developed from the out-
put error identification model based on the reference model adaptive scheme ,which has stronger capability to
control observation noise. In this paper,we study the convergence of this parallel identificaticn model and find
that while the parameters of neural networks meet some prerequisites ,the parallel prediction model converges
and the parallel identificatin algorithm is locally convergent. Simulation results demonstrate the above conclu-
sions.
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