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Abstract: A kind of self-organizing fuzzy neural network is applied to design power system stabilizer in the paper. With

structure and parameter learning of neural networks, this power system stabilizer could overcome the blindness and exploration

existing in designing traditional fuzzy power system stabilizer, avoid surplus and deficiency of fuzzy logic mle in fuzzy con-

troller. The simulation example shows that this power system stabilizer has good control performance.
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2 RN 4K 9 454918 B (The adjustment
of the structure of fuzzy neural networks)
2.1 ML ML K E A4 (The basic structure
of fuzzy neural network)

B 2R % AR LR B2 E
B BRI — 2 2 AR, HE W E 1 prR, (8
B R RNFOAEN TS RESE, TERBEN
FHGHE N0 Y R BE R, W o, 0P NG) K
B ENMALZE WEERE VAR BEVAE

AT 1997 4F 12 A 15 Hk®] . 1998 45 10 1 6 H BB % .

BHERIT .

)
by (2 (3) 4
N (2) by b(N {4)

P 1 ARRA 2 B A A I

Fig. 1  The structure of fuzzy neural network
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Fig. 2 The electric power system stabilizer
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Fig.3 Comparison of PI-PSS and SOFNN-PSS in a load disturbance response
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Fig. 4 Comparison of PI-PSS and SOFNN
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