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Abstract: The singular value decomposition of the matrix 2 composed by the consequence rule is addressed. An ap-
proximate expression U®X® (VYT of Q is derived by discarding some singular values based on the given threshold. By
applying the technology of convex hull to U® and V® for processing the sum normalization (SN), the non-negativeness
(NN) and the normality (NO), we rebuild the rule set from the changed singular-value matrix and the corresponding eigen-
vectors, producing the consequence matrix and the antecedent membership functions for the new rule set. Generally, the
function of the new rule set is similar to that of the old one, but the total number of rules is reduced. Finally, the simulation

result indicates that the presented method can reduce the complexity of fuzzy system effectively.
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2 FAHEE (Basic conception)
2.1 PSGERIEEAI(PSG fuzzy model)
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2.2 "fL(Convex hull)
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U= [U(k)|U(m*k)]’ V= [V(k)|v(n*k)].

SR (1) 2 5B 23 A T 1 F Jacobi-QR VL8143 2.
4 23T RO B ) FE (Fuzzy rule set reduction)
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6 %58 (Conclusion)
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