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Identification of Hammerstein model: review and prospect
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Abstract: Hammerstein model is a typical nonlinear model consisting of the cascade structure of a static nonlinear
element followed by a dynamic linear element. It represents a wide class of nonlinear processes. Considering immeasurable
intermediate variables in the Hammerstein model, we survey the relevant theories and the synchronous method as well as
the separate step method for identifying the static nonlinear element and the dynamic linear element. Then, we review the
existing control system design schemes based on Hammerstein model. Finally, several opinions of the future research are

given.

Key words: Hammerstein model; nonlinear model; process modeling; cascade element

1 5|5 (Introduction)
Hammersteinf R (R FRHAR Y ) j& — R HAA KR e 45
P TR S R LR AR, S AR LR M1 N () FNBh A&
ERMEIRATL() s I 2, ISR G5 R an TR,
E1h: u € R,y € RFlv € R34 RGN L Hi
AT R TAR B, & € R Hms).

L)

U | #haAARLNE | v
HAINC)

1 Hammersteinf%i7y

Fig. 1 Hammerstein model
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Fig. 3 The relationship between u(k) and v(k) for

binary signal input of Hammerstein model
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