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Abstract: Aiming at bearings-only multi-target tracking based on cardinalized probability hypothesis density (CPHD)
filter and Kalman filter to predict and estimate the states of multiple targets to enhance the estimating performance of the
PHD and cardinality distribution. The target state estimates are extracted by utilizing the kernel density estimation theory
and mean-shift method. In addition, the complexity of the algorithm is analyzed. Simulation results are presented to
demonstrate the improved performance of the proposed filtering algorithms.
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