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Adaptive State Estimation Approach Based on Output Residuals

ZHOU Lu, WU Yachua, HUANG Wenhu and WEN Xin
(Department of Astronautics and Mechanics , Harbin Institute of Technology * Harbin, 150001,PRC)

Abstract: In this paper, based on output residuals, an efficient adaptive state estimation approach is
presented for linear time-invariant discrete system. Firstly, using output residuals, the Kalman filter gain
Markov parameters are estimated . Secondly the Kalman filter gain estimation is obtained. Thirdly, the
adaptive state estimation problem is solved . Finally, simulation example is given to demonstrate the effec-
tiveness of this method.
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