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A Neural Network Model with Dynamic Compensation
and its Applications in Dynamic System Modelling

ZHANG Xingchang
(Institute of Automation Academia Sinica ¢ Beijing,100080,PRC)

Abstract: By introducing a dynamic error feedback link in a multi-layer feedforward neural network,
this paper proposes a new neural network model which has the dynamically compensating capability. Dur-
ing both training and working of this new network model, we apply the principle of dynamic error back-
propagation to make the feedback compensation. Using this model in nonlinear dynamic systems mod-
elling,the dynamic error can be effectively reduced and the modelling accuracy can be significantly raised.
The structure and learning algorithm of this new neural network model are given, The application to real
data modelling is included to demonstrate the effectiveness of the new model.

Key works: multi-layer feedforward networks; system modelling; training of networks; dynamically

compensating
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