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On the Modeling of Non-Gaussian Systems

GAO Jiang
(Institute of Systems Engineering, Xi’an Jiaotong University, Xi’an, 710049,PRC)
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Abstract; Higher-order statistics methods are widely used in the modelling of non-Gaussian systems in
recent years. Due to the specific information structure in the HOS methods, the statistical distribution infor-
mation of the specific problems in applications can’t be fully used. This problem has limited the application of
HOS theory. To overcome this difficulty, a new method based on HOS and the maximum-likelihood index of
the interested system is proposed in this paper. This provides a method to utilize the specific information in
applications. Satisfactory results are obtained in simulations and applications.

Key words: system identification; higher-order statistics; likelihood function; non-Gaussian system
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