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Typical Structures of Neural Control

CAl Zixing
(Center for Intelligent Control,Central South University of Technology * Changsha,410073,PRC)

Abstract: In this paper some typical structural schemes of neurocontrol have been briefly studied. The
schemes include NN-based learning control, NN-based direct inverse control, NN-based adaptive control,
CMAC-based control,NN-based internal model control,NN-based predictive control, multilayered NN-based
control,and hierarchical NN-based control,etc. This servey focuses on the control mechanism and provides a
basis for potential applications. Most of the structural schemes have been used in various control fields.

Key words: neural network (NN); neurocontrol; structure; nonlinear systems

A AR WA
BE 1938 4. 1962 /FPTRAEA S Tk A5 B 3 6% M ARl Bl DL oh 1o &% 49 8 4 60 9T 7 Y
BB W W A 6 . B HTRIE 1  BEAE A, A T BT B ALAR A Tk & S0 %





