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A New Image Segmentation Method Based on Genetic
Algorithm of Multilayer Perception

LONG Fuhui and ZHENG Nanning
(The Institute of Artificial Intelligence and Robotics,Xi’an Jiaotong University « 710049, PRC)
ZHANG Xiaohui

(Automatic Control Department, Northwestern Polytechnical University « Xi’an,710072 ,PRC)

Abstract: To our best knowledge ,classical image segmentation methods are serial in essence,with poor
robustness and limited application field. Genetic image segmentation algorithm was proposed in recent years,
which can overcome those drawbacks in certain extent,but with single resolution, regions with different ex-
tent of details can not achieve good segmentation results simultaneously. We propose in this paper a new im-
age segmentation method to solve this problem. It is based on multiresolution concept with multilayer struc-
ture. On each layer,genetic method is used to achieve segmentation result. Then from coarse to fine ,the final
result can be obtained. The whole process is proved to be robust and parallel. Compared with genetic seg-
mentation method with single resolution, it can achieve better results.

Key words: image segmentation; genetic algorithm; multiresolution
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