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New Fuzzy Feature Selection Algorithm: I

SHANG Xiugang and JIANG Weisun
(Research Institute of Automatic Control,East China University of Science and Technology * Shanghai,200237,PRC)

Abstract; The fuzzy feature selection index are defined using the distances of intraset and interset of pat-
tern classes,which are calculated by fuzzy likelihood function. The algorithm can be used to compare the im-
portance of any subset of features,so that the most important feature subset can be gotten. An example indi-
cates how to use them in concrete situations,which shows that these methods are applicable.
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