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Abstract: This paper proposes a novel fuzzy genetic algorithm, which has the characteristics of hybrid length-varying cod-

ing scheme, separates optimal ability and fuzzy mutation operator. The fuzzy genetic algorithm is applied to the optimal design of

fuzzy systems. Simulation results performed on the inverted pendulum control show that proposed design scheme can acquire the

satisfied dynamic performance by learning and genetic optimization even for lack of any prior knowledge .
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Fig. 1 Dynamic fuzzy control system based on genetic
optimization
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Fig. 2 The design flow chart of genetic-based fuzzy
control system
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Fig. 9 The operation process of fuzzy genetic algorithm
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6 /&5 (Conclusion)
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