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Abstract; Based on the thought of connection, firstly the problem of design of fuzzy controller is changed into that of de-
sign and optimization of fuzzy neural networks in this paper. Secondly, an optimal or suboptimal fuzzy controller of the plant is
obtained by comprehensivelly optimizing the parameters of fuzzy neural networks using genetic algorithms. Analysis of stability
provides theoretical support of the design.Finally,a simulation result verifies that it has a better performance than normal fuzzy

controller.
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of fuzzy neural network controller)
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Fig. 1 Structure of fuzzy neural networks
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Fig. 2 Variety of fitness during the optimizing process
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