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Abstract: This paper presents a hybrid-model neural network ( HMINM) based shon-term electric load forecasting ap-
proach. This approach combines the tradiional tme series muxiel with the neural network approach. Some load components are
forecasted with traditional methods and others with neural network approaches. The base component , which is periodic for the 24-
hour forecasting, is modeled with a neural network. The harmonic components of the intrinsic frequency are chosen as input varni-
ables of the neural network and the neural network s trained with a rapid convergent leaming algorithm . Simulation results indi-
cate that the hybrid-model neural network based load fecasting approach protuces more accurate load forecasts in comparison
o the traditonal method and can be applied W the cas: of no whether material.
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Fig 1 Ahvbrid model neural network
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Fig. 2 A HMNN based short-term load forgcaster
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5 {5 A it M (Simulation results)
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Table 1 Mean absolute percentage emors of load forecast for HMNN based and traditional methods
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