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Identification of Wiener Model
Using Dynamic Artificial Neural Networks
LI Shihua
( Deparment of Automatce Control , Southeast University * Manjing, 210096, P. R China)
WU Fubao and LI Qi
{ Research Institute of Automation , Sot theast Universaty * Namjing - 210096, P. R, Chuna
Abstract; The problem of identification of a Wiener model 1s studied. The proposed 1dentification method uses a dynamic
neural network (DANN) which consists of a linear dynamic neuron (LDN '} in cascade with a static BP neural network (SBP).
A unified hack-propagation algorithm is proposed to estimate the weights and the biases of the LDN and the SBP simultaneously .
Numerical examples are provided to show' the efficiency uf the proposed method.
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Fig. 1  Wiener model
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Parallel connection model of DANN
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Fig. 3 Actal and identified output of nonlinearity
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