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The Improvement on ART-2 Neural Network Algorithm

for Pattern Recognition
ZHANG Minglu
{ School of Mechanical Engineering. Heber University of Technology+ Tranjin, 300130, P. R China)
GLIO Dong
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Abstract: The leamning algorithm of ART-2 neural network is improved and adjusted based on the sequence recognition
process it many recognition systems., and an improved learning algorithm of ART-2 neural network isrepresented in this paper.
The comparative experimental results between the two learning algorithm prove the improved leamning algonthm is practicable

and effective for sequence recognition process.
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Fig. I The program {low chart ot the improved ART-2 neural net work algorithm
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Fig 2 The classification result with ART-2 algorithm
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Fig. 3 The classification result with improved

ART-2 algorithm
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