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Abstract; This paper presents a simplified model and the corresponding algorithm of fuzzy radial basis function (RBF)
nexworks to solve the real-time control of multivariable process. Authors also analyze the self-keaming algorithm of multivariable
fuzzy controller designed by this simplified model and discuss a new method to treat system dynamics gain in the self-leaming
algorithm, Furthermore a modified self-leamning algorithm is presented based on process parameters optimization. Finally com-
puter simulation results of an industrial process verify that the simplified model and the modified algorithm are available and ef-

fective .
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2 M RBF M4 B {L &8 (The fuzzy RBF

network simplified model )}
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functional equivalence between the RBF networks
and geperalized fuzzy inference systems)
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Fig. 1 The fuzzy RBF network simplified model
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2.4 BUHEBRAF LI (The realizability of the

simplified model }
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( A modified online self-learning algorithm
based on process parameter optimum )
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Fig.2 The bloch diagram of multivariable
fuzzy adaptive vontrol system
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3.3 ETURBLANEAEIYHFE(A mod-

ified self-learning algorithm of weights based on
pracess parameter optimum )
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Fig. 4 Response curves after the first learning
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5  Z5i (Conclusion)
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