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Abstract: A new algorithim, in which back propagation (BP) algorithms of various leaming-rate are used to produce a lit-
tle parts of populstion for genetic algorithm (GA) , is introduced for the self-learning of fuzzy logic sysiem. In particular, the
global convergent characteristic of the genetic algorithm is used to find the possible extrerums in the whole area, and the great
feature of the BP algorithm, that is, error descend in the direction of grads. is used to fast search about the extremums. Thus,
the better combination of global convergence and fast search is obtained. Simulation results show that the hybrid algorithm is far
more efficient not only than the GA but also than the back BP.
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1 5% (Introduction)
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2 HNER R Z (Fuzzy logic system)
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3 GA+BPREFIIME(The hybrid GA -

BP learning algorithm)

3.1 BE¥IMERNSI A (Introducing the hybrid
learning algorithm)
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3.2 RESINMEHRR(Hybrid algorithm statement)
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Fig. | Flow diagram of the hybrid GA-BP
learning algorithm

3.3 BAEINELHEERRTLINE XMIE(Gene
encoding and involved operations in the hybrid
learning algorithm )

3.3.1 B P4 (Gene encoding)
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3.3.2 YIAWEAY 4 R (Population initializing )
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3.3.3 R FEMME(Selection strategy)
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3.3.4 BP #M{E(BP opertor)
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3.3.5 FRE5HERMF(Crossover and mutation op-

erators)
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4 (AR5 ¥ (Simulation and analysis)
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Fig.2 Output of the system and its identification model

0.8

04t

=1 -03 0 035 l

M3 AHMASMATM V0 XA
Fig. 3 1/0 relation of the system's nonlinear part
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5§ #5i8(Conclusion)
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