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Application of fuzzy neural networks in information fusion

for mobile robot
DING Cheng-jun, ZHANG Ming-lu, DUAN Ping
(School of Mechanical Engineering, Hebei University of Technology, Ttanjin 300130, China)

Abstract: An information fusion method of multi-sensor was proposed according to sensors used in mobile robots. The
fuzzy logic and neural network were combined to construct fuzzy neural networks (FNN), and the calculating models of fuzzy
neural networks were also put up. The mobile robot could recognize moving obstacles and environment types online, and could
decide its action by using the information fusion method put forward, and thus realize mobile robot’ s movement without colli-
sion in dynamic environment, The training of network and test results indicated that the method which was used in avoiding

moving obstacles of mobile robot is practicable and effective
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3 AL R4 L4 (Structure of fuzzy neu-
ral networks)
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Fig. 1 Information fusion model of fuzzy neural networks

£ ERSEELT .

P D.i—DF,+—DM ,ii—DN;

L& P:%x—PL,F—PM,H5—PR;

HE V. AR—VF, B — VM, 18—VS;

Fa 0. 5EiE—ON,iE&—OF.

BT TFHEMBUEIRELR T HASN 8
FKUMnE 2 BrR. ik A BN B S LS A W AT
FERN 5 1], 5 AR AL

ATgEEE U AR—UF, " — UM, 18—US;

B 7161 RO Z2—ROL ,9—ROM ,5i—ROR.

o e)

(a) LkiGH (b) Hi /3
(091 (EZ‘ ]
O O
(e) Al (1) Ardif 1'7"
ol |o
(&) My (h) AR &y

B2 #Bapplas NBRA IR
Fig. 2 Environment types felt by mobile robot
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