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Adaptive algorithm of universal learning network and

its application to predictive control
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Abstract: An adaptive algorithm of universal learning network (ULN) is presented for time-delay parameter setting
in this paper. Firstly, the ULN with PID controller is used in model predictive control (MPC) for stabilizing a class of
nonlinear systems with long time-delay. Its application in identifying pure time-delay of the black box plant is then studied.
Finally, simulation results show that the adaptive algorithm of the ULN model can identify the time-delay of the object
model and be used as a predictor in predictive control system.
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Fig. 1 Basic structure of universal learning network
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Fig. 3 Learning and text cure of the network
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Fig. 4 Learning curves with different time-delay value set
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