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Abstract: How to adjust the inverse controller plays an important role to the adaptive inverse control method. The
algorithm based on e-filtering and feedback-error-learning principle is proposed to solve this problem in this paper. The
inverse controller is regulated based on the feedback-error-learning principle and the feedback controller is produced online
by the e-filtering method. With this algorithm, a nonlinear adaptive inverse control system is built up which can make the

output of the controlled plant track its target value.
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Fig. 1 Basic structure of adaptive inverse control
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Fig. 2 Linear adaptive inverse control system
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Fig. 3 e-filtering adaptive inverse control system
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Fig.5 AIC based on e-filtering and FEL
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Fig. 6 Output of AIC system based on BPTM
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