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Hybrid intelligent parameter identification of

the laminar cooling process
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Abstract: In a heat-rolling laminar cooling process, it is difficult to continuously measure the strip temperature online.
The heat transfer parameters are subjected to changes due to the varying operating conditions, with time-varying and
nonlinear characteristics. Its correct identification is the key factor in the determination of the discrete dynamic model
for the strip temperature during the laminar cooling process. A hybrid intelligent parameter identification algorithm is
developed by combining the (RBF) neural networks and case-based reasoning. Tests using real industrial data in a steel
plant show that the hybrid intelligent parameter identification approach contributes great precision improvement in the

prediction of the strip temperature during the laminar cooling process.
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General layout of the laminar cooling process
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3 RER S HHRTT L (Hybrid intelligent
parameter identification method)
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Fig.2 Hybrid intelligent parameters identification method
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4 1jj H 3L % (Experimental and simulation re-
sults)
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Table 1 Forecasting results of coiling temperature
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5 45 (Conclusion)
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