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Abstract: For a class of discrete time-varying systems, we proposed an online infinite-duration impulse response(I1IR)
filtering adaptive system identification method based on the adaptive inertia-weighted cooperated particle swarm
optimization(AIW-CPSO) algorithm. This approach achieves the perfect matching of zero-pole for the real-time track-
ing control. The IIR filter avoids the enforced off-line training problem induced by the irregular variation in the eigenvalues
of the correlation matrix in finite-duration impulse response(FIR) filter when identifying a time-varying system. It also re-
duces the weighting vector length in the online training process, and improves the efficiency of optimization and modeling.
On the basis of the traditional standard particle swarm optimization(PSO) algorithm, the designed AIW-CPSO algorithm
provides a better solution to the global optimization problem in selecting the proper IIR than the traditional standard PSO
algorithm. Simulation analysis shows that, for discrete time-varying systems, the adaptive inverse control method based on
the online AIW-CPSO-IIR filter can realize the fast online modeling of unknown plants effectively, and track the real-time
variation of eigenvalues of time-varying systems.

Key words: discrete time-varying system; adaptive inverse control; infinite impulse response filter; particle swarm
optimization algorithm
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Fig. 1 The structure of IIR filter for time-varying

system identification
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Fig. 2 The structure of online adaptive inverse control system
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Fig. 3 The real-time tracking curves for online time-varying

parameter identification
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Fig. 4 The output curves of online identification for

unknown time-varying system
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Fig. 5 The mean-square error curve of iteration processing
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Fig. 6 The output curves of online inverse control for

time-varying system
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Fig. 7 The tracking error curve of online inverse control for

time-varying system
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5 4#5i8(Conclusion)
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