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Dynamic environment modeling of
mobile robots based on visual saliency
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Abstract: This paper presents a method of mobile robots dynamic environment modeling based on visual saliency. This
method uses the proposed model of visual saliency to achieve the saliency detection of dynamic objects in the environ-
ment by using multi-random-sample-consensus (multi-RANSAC) algorithm and position relations of matching speeded-
up-robust-feature (SURF) points in consecutive two images. It adopts the projection methods and fast mean shift algorithm
to construct a dynamic environment grid model, the grid occupation area and the influence region of dynamic objects are up-
dated by using position of the saliency objects. The results of dynamic environment saliency map construction experiments

and dynamic environment grid model construction experiments illustrate the effectiveness of this method.
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vironment grid model construction experiment)
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5 458 (Conclusions)
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