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Abstract: In this paper, a new policy iterative algorithm is proposed to solve the non-zero sum differential feedback
Nash control problems for a class of continuous-time Markov jump linear systems. The Nash equilibrium solution of a
double-layer non-zero sum differential policy with linear dynamics and infinite time-domain secondary cost is found by
solving the coupled numerical iteration solutions. At each policy layer, an policy iterative algorithm is used to calculate the
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simulation example is given to prove the effectiveness and feasibility of the design method.
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