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Abstract: The cooperation of unmanned aerial vehicle (UAV) swarm has become an important style in future intelligent
and unmanned combat. Path planning is the primary problem of collaborative task execution. Considering the complexity
and diversity of UAV swarm path planning, in recent years, extensive research has been conducted regarding this issue. This
paper therefore provides a survey of UAV swarm path planning. It first introduces the UAV swarm path planning model,
including the planning space representation method, path planning objectives and constraints. Then the paper focuses on
summarizing relevant research of UAV swarm path planning based on intelligent optimization algorithms, and also the
advantages and problems of different types of intelligent optimization algorithms in path planning are described. Finally,

future studies of UAV swarm path planning based on intelligent optimization is analyzed and prospected.
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Fig. 1 Numbers of researches about UAV and UAV swarm
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